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First-trimester preterm preeclampsia prediction with
metabolite biomarkers: differential prediction according
to maternal body mass index
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BACKGROUND: Prediction of preeclampsia risk is key to informing following patient strata: all subjects and the bodymass index classes of<25,
effective maternal care. Current screening for preeclampsia at 11 to 13

weeks of gestation using maternal demographic characteristics and

medical history with measurements of mean arterial pressure, uterine

artery pulsatility index, and serum placental growth factor can identify

approximately 75% of women who develop preterm preeclampsia with

delivery at<37 weeks of gestation. Further improvements to preeclampsia

screening tests will likely require integrating additional biomarkers. Recent

research suggests the existence of distinct maternal risk profiles. There-

fore, biomarker evaluation should account for the possibility that a

biomarker only predicts preeclampsia in a specific maternal phenotype.

OBJECTIVE: This study aimed to verify metabolite biomarkers as

preterm preeclampsia predictors early in pregnancy in all women and

across body mass index groups.

STUDY DESIGN: Observational case-control study drawn from a large

prospective study on the early prediction of pregnancy complications in

women attending their routine first hospital visit at King’s College Hospital,

London, United Kingdom, in 2010 to 2015. Pregnant women underwent a

complete first-trimester assessment, including the collection of blood

samples for biobanking. In 11- to 13-week plasma samples of 2501

singleton pregnancies, the levels of preselectedmetabolites implicated in the

prediction of pregnancy complications were analyzed using a targeted liquid

chromatography-mass spectrometry method, yielding high-quality quanti-

fication data on 50 metabolites. The ratios of amino acid levels involved in

arginine biosynthesis and nitric oxide synthase pathways were added to the

list of biomarkers. Placental growth factor and pregnancy-associated plasma

protein Awere also available for all study subjects, serving as comparator risk

predictors. Data on 1635 control and 106 pregnancies complicated by

preterm preeclampsia were considered for this analysis, normalized using

multiples of medians. Prediction analyses were performed across the
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25 to <30, and �30 kg/m2. Adjusted median levels were compared be-

tween cases and controls and between each body mass index class group.

Odds ratios and 95% confidence intervals were calculated at the mean�1

standard deviation to gauge clinical prediction merits.

RESULTS: The levels of 13 metabolites were associated with preterm

preeclampsia in the entire study population (P<.05) with particularly

significant (P<.01) associations found for 6 of them, namely, 2-hydroxy-
(2/3)-methylbutyric acid, 25-hydroxyvitamin D3, 2-hydroxybutyric acid,

alanine, dodecanoylcarnitine, and 1-(1Z-octadecenyl)-2-oleoyl-sn-glyc-

ero-3-phosphocholine. Fold changes in 7 amino acid ratios, all involving

glutamine or ornithine, were also significantly different between cases

and controls (P<.01). The predictive performance of some metabolites

and ratios differed according to body mass index classification; for

example, ornithine (P<.001) and several ornithine-related ratios

(P<.0001 to P<.01) were only strongly associated with preterm pre-

eclampsia in the body mass index of <25 kg/m2 group, whereas

dodecanoylcarnitine and 3 glutamine ratios were particularly predictive in

the body mass index of �30 kg/m2 group (P<.01).

CONCLUSION: Single metabolites and ratios of amino acids related to
arginine bioavailability and nitric oxide synthase pathways were associated

with preterm preeclampsia risk at 11 to 13 weeks of gestation. Differential

prediction was observed according to body mass index classes, supporting

the existence of distinct maternal risk profiles. Future studies in pre-

eclampsia prediction should account for the possibility of different

maternal risk profiles to improve etiologic and prognostic understanding

and, ultimately, clinical utility of screening tests.

Key words: biomarkers, first-trimester screening, metabolites,
metabolomics, prediction, preeclampsia, pregnancy, preterm
Introduction
Preeclampsia (PE) is not a single disor-
der but a syndrome with distinct
etiologies.1,2 However, the increased un-
derstanding of pathophysiology has not
contributed significantly to bettering
prediction or expanding prevention or
treatment options.3,4 To explain this lack
of progress, it has been hypothesized that
maternal syndrome develops through
distinct pathophysiological pathways. If
confirmed, there is a need to recognize
different subtypes of PE to yield more
clinical utility.5 Recent data from Than
et al6 suggest that there are distinct
maternal and placental disease pathways
and that their interaction determines the
JULY 2023 Ame
clinical presentation of PE. With the
activation of maternal disease pathways
detected in advance of placental
dysfunction, their data also pointed to
preexisting, possibly subclinical,maternal
risk profiles. The existence of different
etiologic pathways and risk profiles is
implicitly accounted for when deter-
mining a patient’s specific risk of devel-
oping PE, either directly, by considering
discrete patient phenotype-specific risks
inferred from epidemiologic data,7,8 or by
combining maternal previous risk infor-
mation into regression models.9
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Why was this study conducted?
This study aimed to verify metabolite biomarkers as first-trimester predictors for
preterm preeclampsia (PE) and to investigate the interaction of biomarker pre-
diction with maternal body mass index (BMI).

Key findings
Several single metabolites were confirmed to be associated with preterm PE.
Improved prediction was found for ratios between amino acids related to arginine
bioavailability and nitric oxide synthase pathways. The predictive value of some
of the metabolites and metabolite ratios varied according to the BMI of the
women.

What does this add to what is known?
The findings of differential biomarker prediction according to body mass index
support the existence of different maternal risk profiles and associated biomarker
profiles in women whereby PE develops via different pathophysiological path-
ways. Future research in PE risk should consider this complexity.
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Current benchmark predictionmodels
for PE risk combinematernal risk factors,
Doppler velocimetry of the uterine ar-
teries, mean arterial pressure, and the
blood levels of the proteins placental
growth factor (PlGF) and pregnancy-
associated plasma protein A (PAPP-A),10

whereby the biophysical and biochem-
ical data are transformed intomultiples of
the median (MoM) values using popu-
lation- and site-specific models.11 The
detection rate (DR) of these models for
identifying patients at risk of preterm PE
already enables preventive strategies.12

The integration of additional bio-
markers may further improve DRs;
additional biomarkers may associate with
specific PE risk profiles or patient
phenotypes.

An individual’s metabolome is
considered to reflect, at any given time,
the interaction between one’s genetic
makeup and external influences, such as
diet or environmental factors.13 There-
fore, metabolite biomarkers have been
posited as good candidates to capture
maternal risk related to the environment
and possibly to the interaction with the
placental unit and/or fetus.14 However,
few metabolite candidates have been
consistently confirmed as PE risk pre-
dictors to date,15 warranting the need for
a large-scale verification of metabolite
biomarkers of interest. To account for
the complexity of the disease, such a
55.e2 American Journal of Obstetrics & Gynecolo
verification effort should ideally
consider the specificity of metabolomic
biomarkers for different maternal risk
profiles. Without readily available
biochemical signatures to accurately
phenotype pregnant women early in
pregnancy, we hypothesized that differ-
ences in disease risk as associated with
maternal traits in epidemiologic studies
reflect an enriched presence of one or
more discrete risk profiles within the
population exhibiting the particular
trait. With obesity strongly associated
with PE rates,16,17 we used the World
Health Organization body mass index
(BMI) classification as the first maternal
trait to create the patient strata.18

Here, we investigated whether
metabolite biomarkers can predict pre-
term PE early in pregnancy in all patients
and across different BMI groups.
Furthermore, we considered metabolite
ratios associated with arginine bioavail-
ability and regulation of the nitric oxide
synthase pathway as these biochemical
pathways have been implicated in PE
pathophysiology and cardiovascular
risk.19e25 To achieve this, we leveraged
an extensive collection of first-trimester
plasma samples and a dedicated liquid
chromatography-tandem mass spec-
trometry (LC-MS/MS) method for the
targeted analysis of a panel of metabo-
lites reported to associate with adverse
pregnancy outcomes.26 A comparison
gy JULY 2023
with well-characterized biomarkers
(PlGF and PAPP-A) was also performed.

Materials and Methods
Study population
This was an observational case-control
study drawn from a large prospective
screening study on the early prediction
of complications of pregnancy inwomen
presenting for their routine first hospital
visit (11 0/7 to 13 6/7 weeks of gestation)
at King’s College Hospital, London,
United Kingdom, in 2010e2015. Preg-
nant women received a complete first-
trimester assessment according to the
Fetal Medicine Foundation (FMF)-
described protocols,9,10 including col-
lecting blood samples for first-trimester
biochemical screening (PAPP-A, free
beta-human chorionic gonadotropin,
PlGF) and biobanking. Data on preg-
nancy outcomes were collated for the
study participants, and the criteria of the
American College of Obstetricians and
Gynecologists (2019) were used for the
diagnosis of PE.27 Written informed
consent was obtained from all women;
the study was approved by the National
Research Ethics Committee (reference
number 02-03-033). Within the study,
all major pregnancy outcomes (ie, PE,
fetal growth restriction, gestational dia-
betes mellitus, and spontaneous preterm
birth) (n¼866) and uncomplicated
pregnancy outcomes (n¼1635) were
represented; the latter served as controls
in biomarker analyses. Here, we reported
on the nested data for preterm PE
(n¼106) vs controls.

Descriptive statistics were presented
as mean (standard deviation, SD), me-
dian (interquartile range), and frequency
of observations (percentage), as appro-
priate. Comparisons of patient charac-
teristics and pregnancy outcomes
between women with preterm PE and
controls were performed using the chi-
square test or Mann-Whitney U test, as
appropriate (Table 1).

Biomarker analyses
First-trimester plasma samples of 2501
singletonpregnancieswere analyzedwith a
targeted tandem LC-MS/MS method for
metabolite biomarkers (Metabolomic Di-
agnostics, Cork, Ireland) using analytical
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TABLE 1
Baseline characteristics of the study population

Characteristic Preterm PE (n¼106) Controls (n¼1635)

Gestational age at sampling (wk) 12.6 (12.22e12.98) 12.7 (12.3e13.0)

Maternal age (y) 30.5 (27.5e35.4) 32.1 (28.4e35.5)

Racea

White 48 (45.3) 1025 (62.7)

Black 51 (48.1) 433 (26.5)

South Asian 4 (3.8) 66 (4.0)

East Asian 1 (0.9) 52 (3.2)

Mixed 2 (1.9) 59 (3.6)

Height (cm) 164 (160e167) 165 (160e169)

Weight (kg)a 75.2 (65.8e87.0) 65.4 (59.0e75.7)

Body mass index class (kg/m2)a

<25 33 (31.1) 944 (57.7)

25 to <30 33 (31.1) 419 (25.6)

�30 40 (37.7) 272 (16.6)

Conception

In vitro fertilization 7 (6.6) 45 (2.8)

Ovulation drugs 1 (0.9) 13 (0.8)

Smoking 4 (3.8) 91 (5.6)

Diabetes mellitus

Type 1 0 (0.0) 11 (0.7)
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methodology as previously reported.26 In
brief, biobanked plasma samples received
from FMF (London, United Kingdom)
were thawed once on ice and subaliquoted
in 40 mL aliquots (Agilent Bravo, Agilent
Technologies, Santa Clara, CA). At that
time patient aliquots were also combined
in a pooled study quality control (QC),
from which study-wide QC aliquots were
created. Aliquots for the 2501 study par-
ticipants and replicates for 349 randomly
selected subjects were randomized in 38
analytical batches, with each batch
featuring 75 clinical samples (inclusive
replicates), 8 calibrator samples, 9 pooled
study QC samples, and 2-by-2 ordinary
QC samples (QC low and QC high).
Metabolite analysis was performed in 38
consecutive days using 2 LC-MS/MS
setups (Agilent Technologies) in parallel.
Followingmass spectrometric analysis, the
mass spectrometric signals were quantified
using a predefined quantification method
(MassHunter Quant Software, Agilent
Technologies, Santa Clara, CA). Data were
reviewed by 2 independent analysts; all
manual curations were recorded for data
integrity purposes. Further technical in-
formation regarding the metabolite ana-
lyses are detailed in Supplementary File 1.
Type 2 4 (3.8) 15 (0.9)

SLE or APS 1 (0.9) 6 (0.4)

Chronic hypertensiona 15 (14.2) 24 (1.5)

Family history of PEa 11 (10.4) 58 (3.5)

Gestational age at delivery (wk)a 34.2 (31.6e35.7) 39.2 (38.7e39.5)

Birthweight (g)a 1771 (1354e2093) 3295 (3100e3515)

Birthweight percentilea 0.48 (0.03e10.14) 47.13 (29.19e66.87)

Data are presented as median (interquartile range) or number (percentage).

APS, antiphospholipid syndrome; PE, preeclampsia; SLE, systemic lupus erythematosus.

a Chi-square test or Mann Whitney U test as appropriate (P<.01).

Tuytten. Metabolite biomarkers in preeclampsia. Am J Obstet Gynecol 2023.
Data preprocessing and quality
assurance
Laboratory personnel were blinded to
sample status (pregnancy outcome) at all
stages of the study. A structured review
of all mass spectrometry was performed
to confirm the quantification metric to
use. Pairwise dependencies between
metabolite quantification metrics and
recorded experimental variables were
computed using, as appropriate, the
Spearman rank correlation, Mann-
Whitney U test, or Kruskal-Wallis test;
only minor interday batch effects in
some of the quantifications were found.
Hence, the relative concentrations were
scaled per batch using the median con-
centration of the 9 pooled study QC
samples for the given batch over the
overall median concentration.28 Data
missingness and imprecision criteria
were applied, except for cotinine a re-
porter metabolite for smoking status,
with data missingness for a given
metabolite quantification of <20%
across all clinical samples and coefficient
of variation (%) of �20% as calculated
for the 349 pairs of replicate samples.
Finally, metabolite quantifications from
LC-MS/MS assay with poorly under-
stood specificity were also purged.
Additional details on data preprocessing
and quality assurance are presented in
Supplementary File 1.
Following quality control, quantifica-

tion data for 50 metabolites across 15
JULY 2023 Ame
chemical classes were available for pre-
diction analysis with amino acids (n¼17),
fatty acids (n¼8), acylcarnitines (n¼6),
and monoacylglycerophosphocholines
(n¼4), accounting for 60% of the me-
tabolites. Of note, 2 pairs of structural
isomerswere not analytically resolved and
were analyzed as single analytes, that is, 3-
hydroxy(iso)valeric acid and 2-hydroxy-
(2/3)-methylbutyric acid. The same
applied to the 3 structural isomers and
stereoisomers of dilinoleoyl glycerol.
rican Journal of Obstetrics & Gynecology 55.e3
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Confounding associations
Biomarker data were normalized using
MoM.29 Log-normality was confirmed
in control subjects using the Shapiro-
Wilk test and quantile-quantile plots.
Moreover, parameters for MoM
normalization of a given biomarker were
selected using multiway analysis of
variance (ANOVA) on the control preg-
nancies (P<.001). Adjustments were
warranted for storage age of the sample,
gestational age at sampling, maternal
age, weight and BMI, smoking, and
racial origin, as summarized in
Supplementary File 2. The normaliza-
tion coefficients were computed and
applied to all study participants. Of note,
2 associations were found for other
maternal risk factors, that is, one with
chronic hypertension (dilinoleoyl glyc-
erol) and one with conception by in vitro
fertilization (25-hydroxyvitamin D3); no
adjustment was made for these. Cotinine
was excluded from normalization. For
biomarkers without confounding asso-
ciations, readouts were transformed into
simple medians on the controls.

Weak associations with storage time
under �80�C conditions were corrected
for 25-hydroxyvitamin D3 (25(OH)D3),
arginine, symmetric dimethylarginine
(SDMA), glutamine, and lactic acid. The
levels of PlGF and PAPP-A increased
significantly with gestational age at
blood sampling. None of the metabolites
showed this association except bilirubin,
which levels trended downward. Con-
founding associations with maternal
characteristics were found for 44 of 49
metabolites, with cotinine not consid-
ered. Adjustments were made for
maternal age (16/49), BMI (25/49),
smoking (7/49), and maternal race (26/
49). The levels of 8 metabolites were
associated with more than 3 parameters.
The associations for 25(OH)D3, ergo-
thioneine, and 1-(1Z-octadecenyl)-2-
oleoyl-sn-glycero-3-phosphocholine
(PC[P-18:0/18:1n9]) are plotted in
Supplementary File 2.

Pairwise correlations
Pairwise correlations among all
normalized biomarker readouts were
calculated using the Spearman rank
correlation test.30 To elicit possible
55.e4 American Journal of Obstetrics & Gynecolo
redundant predictors, biomarkers were
grouped based on the Spearman corre-
lation coefficients r2�0.5; this resulted in
8 clusters. No correlation was observed
between the proteins PlGF and PAPP-A
and any of the metabolite biomarkers.
Further details on pairwise correlations
and biomarker clustering are available in
Supplementary File 3.
Composite biomarkers
Informed by literature,19e25 an addi-
tional set of composite biomarkers was
created by taking the pairwise ratios of
the amino acids alanine, glutamine,
arginine, citrulline, SDMA, asymmetric
dimethylarginine (ADMA), homo-
arginine, NG-monomethyl-L-arginine
(L-NMMA), and ornithine. In the main,
these ratios were less prone to con-
founding associations.
Prediction analysis
Prediction analyses were performed
across the following subject strata: all
subjects, BMIof<25 kg/m2, BMIof 25 to
<30 kg/m2, and BMI of�30 kg/m2. The
discriminative performance of the
normalized biomarker concentrations
was estimated using the Mann-Whitney
U test with the significance level set at
P<.05, except for composite markers, for
which P<.01 was applied. Of note, 2-way
ANOVA was used to assess the signifi-
cance (P<.05) of the interaction between
clinical outcome and BMI.31 The signif-
icance of pairwise differences in fold
change among strata was estimated from
marginal means using the Tukey test
between cases and controls in and among
BMI groups.32 To gauge the clinical
utility of the biomarkers, the odds ratios
(ORs) and 95% confidence intervals
(CIs) were calculated at the meanþ1 SD
based on the distribution of the
normalized biomarker levels in con-
trols33,34; for down-regulated markers
(cases vs controls), mean �1 SD was
used. Mean and SD were estimated using
median and median absolute deviation,
respectively. With the biomarker data
normally distributed, the 1 SD cutoff
corresponds to a false-positive rate (FPR)
of approximately 16%. Therefore, the
reported ORs allow for comparing the
gy JULY 2023
prediction performance of the bio-
markers at fixed FPRs. P values were not
adjusted for multiplicity and should be
considered exploratory. Statistical ana-
lyses were performed in R.35

Results
Within the study population (Table 1),
patients of Black race, with higher body
weight or BMI, were more likely to
develop preterm PE. The fraction of
womenwith chronic hypertension and/or
a family history of PE was significantly
increased in the case population. The
median gestation at delivery in the pre-
term PE group was 34.2 weeks, and the
median birthweight was 1771 g, both
outcome metrics significantly lower than
observed in the control group with me-
dians of 39.2 weeks and 3295 g,
respectively.

Preterm preeclampsia prediction
Of note (Table 2), 5 biomarkers were
identified with significantly lower MoM
levels in the cases than in the controls, that
is, PlGF and PAPP-A (P<.0001) and the
metabolites PC(P-18:0/18:1n9) (P<.01),
bilirubin, and glutamine (P<.05). The
median levels of 10 metabolites were
significantly higher in the cases, in
particular 2-hydroxy-(2/3)-methylbut
yric acid, 25(OH)D3, 2-hydroxybutyric
acid (P<.001), alanine, and dodeca-
noylcarnitine (P<.01). The medians in 7
compositemarkers were also significantly
different between cases and controls
(P<.01). All ratios were either glutamine
ratios or ornithine ratios. In terms of
clinical risk prediction, other than for
PlGF (OR,7.04; 95%CI, 4.69e10.65), the
ORs were typically modest for the bio-
markers with only PAPP-A, 25(OH)D3,
alanine-to-glutamine ratio, and arginine-
to-glutamine ratio delivering ORs of >2.

Preterm preeclampsia prediction
according to body mass index class
No significant difference in median
levels was found for PlGF and PAPP-A
across the BMI strata (Table 3). Among
the single metabolite predictors, preterm
PE prediction specific to the groupwith a
BMI of <25 kg/m2 was found for orni-
thine (P<.001), and preterm PE predic-
tion specific to the group with a BMI of
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TABLE 2
Preterm preeclampsia prediction in the entire study population

Biomarker
Ratio of median levels
Cases-to-controls (95% CI) OR per 1 SD increase (95% CI)a

Placental growth factor 0.63 (0.59e0.70)b 7.04 (4.69�10.65)

Pregnancy-associated plasma protein A 0.85 (0.71e0.89)b 2.04 (1.29e3.14)

2-Hydroxy-(2/3)-methylbutyric acid 1.17 (1.06e1.22)c 1.71 (1.06e2.68)

25-Hydroxyvitamin D3 1.16 (1.07e1.26)c 2.54 (1.57e4.00)

2-Hydroxybutyric acid 1.12 (1.06e1.26)c 1.69 (1.02e2.70)

Alanine 1.07 (1.02e1.10)d 1.62 (0.99e2.54)

Dodecanoylcarnitinee 1.22 (1.08e1.43)d 1.61 (0.98e2.56)

Decanoylcarnitinee 1.18 (1.02e1.43) 1.66 (1.02e2.62)

Octanoylcarnitinee 1.18 (1.01e1.37) 1.48 (0.89e2.36)

1-(1Z-octadecenyl)-2-oleoyl-sn-glycero-3-phosphocholine 0.93 (0.89e0.98)d 1.73 (1.08e2.70)

3-Hydroxy(iso)valeric acid 1.12 (1.02e1.24) 1.66 (0.99e2.66)

Ergothioneine 1.16 (1.02e1.33) 1.56 (0.94e2.49)

Bilirubin 0.89 (0.81e0.99) 1.35 (0.82e2.18)

Threonine 1.05 (1.00e1.11) 1.47 (0.88e2.36)

Glutamine 0.95 (0.93e1.00) 1.38 (0.83e2.19)

Alanine-to-glutamine ratio 1.09 (1.05e1.15)b 1.98 (1.24e3.09)

Alanine-to-ornithine ratio 1.09 (1.04e1.16)d 2.14 (1.36e3.29)

Asymmetric dimethylarginineetoeornithine ratio 1.08 (1.03e1.14)d 1.58 (0.97e2.49)

Symmetric dimethylarginineetoeornithine ratio 1.10 (1.03e1.15)d 1.26 (0.75e2.02)

Symmetric dimethylarginineetoeglutamine ratio 1.06 (1.03e1.13)d 1.55 (0.95e2.46)

Arginine-to-glutamine ratio 1.07 (1.02e1.15)d 2.09 (1.34e3.20)

Arginine-to-ornithine 1.06 (1.02e1.14)d 1.51 (0.93e2.38)

Effect size of the case-to-control ratio are presented as estimate (95% CI). Difference between estimated case and control levels evaluated using Mann-Whitney U test.

Selection: Mann-Whitney U test P<.05 for single markers; P<0.01 for composite markers.

CI, confidence interval; OR, odds ratio; SD, standard deviation.

a Down-regulated markers inverted for OR; b P<.0001; c P<.001; d P<.01.; e Member of the “medium-chain carnitine” cluster.

Tuytten. Metabolite biomarkers in preeclampsia. Am J Obstet Gynecol 2023.
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�30 kg/m2 was found for dec-
anoylcarnitine and dodecanoylcarnitine
andSDMA(P<.05).Within the respective
BMI strata, the effect sizes inmedian level
ratios were larger for these biomarkers
than those observed in the entire study
population. Clinical risk prediction was
also accentuated, with all ORs >2. For
SDMA, this was driven by a subset BMI of
�30 kg/m2 with markedly up-regulated
levels. Some differential preterm PE pre-
diction was found in the group with a
BMI of 25 to <30 kg/m2 (bilirubin, bili-
verdin, PC[P-18:0/18:1n9]), yet data
review suggested that these were likely
false discoveries, as expected in the
absence of multiple testing correction. A
marked delineation of preterm PE pre-
diction between the groups with a BMI of
<25 kg/m2 and a BMI of�30 kg/m2 was
found for the composite markers. Of
note, 7 ornithine-based ratios were spe-
cifically predicted in women with a BMI
of <25 kg/m2 (P<.0001 to P<.01), with
accentuated ratios of median levels be-
tween cases and controls and good clinical
prediction (ie,ORs>2.0). In addition, the
alanine-to-ornithine ratio (Figure) has an
JULY 2023 Ame
OR of 6.03 (95% CI, 2.96e12.44),
equivalent to PlGF in this BMI stratum.
The homo-arginineetoecitrulline ratio
was characterized by distinct up-
regulation in the group with a BMI of
<25 kg/m2 and down-regulation in the
group with a BMI of 25 to<30 kg/m2. Of
note, 3 glutamine-based ratios, that is,
arginine-to-glutamine ratio (Figure),
alanine-to-glutamine, and SDMA-to-
glutamine ratio, but not glutamine-to-
ornithine ratio, gave rise to specific
pretermPE prediction in the groupwith a
BMI of �30 kg/m2 (P<.01).
rican Journal of Obstetrics & Gynecology 55.e5
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TABLE 3
Preterm preeclampsia prediction according to body mass index

Biomarker

ANOVA
interaction
Outcome �
stratum
(P<.05)

BMI of <25 kg/m2

Cases, n¼33
Controls, n¼944

BMI of 25 to <30 kg/m2

Cases, n¼33
Controls, n¼419

BMI of �30 kg/m2

Cases, n¼40
Controls, n¼272

Ratio of median levels
Cases-to-controls
(95% CI)

OR per 1 SD
increase (95% CI)a

Ratio of median levels
Cases-to-controls
(95% CI)

OR per 1 SD
increase (95% CI)a

Ratio of median levels
Cases-to-controls
(95% CI)

OR per 1 SD
increase (95% CI)a

PlGF .162 0.61 (0.58e0.76)bc 6.13 (3.01e12.66)b 0.59 (0.52e0.74)b,c 8.62 (4.09e18.96)b 0.68 (0.59e0.76)b,c 6.25 (3.11e12.81)b

PAPP-A .731 0.89 (0.74e1.07)b 0.95 (0.31e2.32)b 0.74 (0.59e0.89)b,e 3.06 (1.39e6.47)b 0.90 (0.63e0.98)b,f 2.25 (1.05e4.63)b

Ornithine <.001 0.87 (0.76e0.92)d 3.01 (1.40e6.19) 1.03 (0.94e1.15) 0.65 (0.19e1.73) 1.03 (0.92e1.11) 0.86 (0.24e2.35)

Biliverdinh .002 1.05 (0.91e1.21) 1.11 (0.36e2.70) 0.87 (0.75e0.99)f 1.89 (0.79e4.12) 0.96 (0.89e1.14) 1.22 (0.43e2.95)

Bilirubinh .005 0.91 (0.80e1.13) 1.21 (0.44e2.81) 0.80 (0.66e0.93)e 2.23 (1.00e4.73) 0.93 (0.82e1.11) 1.00 (0.28e2.75)

1-(1Z-octadecenyl)-2-oleoyl-
sn-glycero-3-phosphocholine

.011 0.92 (0.84e0.99)f 2.11 (0.94e4.43) 0.95 (0.87e1.03) 1.36 (0.52e3.12) 0.90 (0.82e0.98)f 2.06 (0.89e4.47)

Decanoylcarnitineg .014 1.14 (0.83e1.54) 1.48 (0.58e3.32) 0.85 (0.74e1.33) 1.12 (0.36e2.80) 1.36 (1.03e1.77)f 2.09 (0.98e4.29)

Dodecanoylcarnitineg .016 1.30 (0.90e1.52) 1.02 (0.34e2.48) 0.99 (0.80e1.32) 1.23 (0.44e2.94) 1.39 (1.11e1.73)e 2.57 (1.19e5.32)

Symmetric dimethylarginine .043 0.97 (0.93e1.03) 0.85 (0.28e2.07) 1.01 (0.93e1.06) 1.54 (0.59e3.55) 1.04 (1.01e1.13)f 2.64 (1.20e5.58)

Arginine-to-glutamine ratio <.001 0.96 (0.88e1.09) 1.54 (0.60e3.46) 1.04 (0.96e1.18) 1.60 (0.68e3.49) 1.10 (1.04e1.27)e 2.40 (1.18e4.81)

Alanine-to-glutamine ratio <.001 1.04 (0.92e1.12) 1.74 (0.68e3.91) 1.07 (1.00e1.16)f 1.27 (0.49e2.92) 1.11 (1.05e1.21)e 2.45 (1.16e5.00)

Symmetric dimethylargininee
toeglutamine ratio

<.001 1.00 (0.93e1.09) 1.12 (0.37e2.72) 1.03 (0.94e1.15) 2.18 (0.95e4.69) 1.16 (1.05e1.23)e 1.11 (0.47e2.38)

Alanine-to-ornithine ratio .001 1.32 (1.11e1.37)d 6.03 (2.96e12.44) 1.05 (0.92e1.14) 1.02 (0.37e2.42) 1.09 (0.99e1.19) 1.56 (0.59e3.65)

Symmetric dimethylargininee
toeornithine ratio

.002 1.20 (1.10e1.32)d 2.26 (1.00e4.75) 1.00 (0.90e1.12) 0.68 (0.19e1.79) 1.10 (0.99e1.23) 1.12 (0.43e2.57)

NG-monomethyl-L-argininee
to-ornithine ratio

.004 1.19 (1.06e1.29)e 2.52 (1.11e5.29) 0.96 (0.86e1.08) 0.51 (0.12e1.50) 1.08 (0.96e1.20) 1.15 (0.44e2.64)

Glutamineetoeornithine ratio .008 1.22 (1.10e1.33)d 2.58 (1.14e5.43) 0.97 (0.86e1.06) 0.61 (0.17e1.62) 1.03 (0.89e1.09) 0.64 (0.21e1.58)

Tuytten. Metabolite biomarkers in preeclampsia. Am J Obstet Gynecol 2023. (continued)
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Principal findings
We used targeted LC-MS/MS technology
to perform a large-scale verification of
preterm PE prediction utility at 11 0/7 to
13 6/7 weeks of gestation within a panel
of metabolite biomarkers. With
biomarker quantification data available
for 1635 control pregnancies, we were
able to elicit confounding associations
and adjust for these. On a technical level,
we confirmed that well-controlled, long-
term storage at �80�C had minimal ef-
fect on metabolite levels in blood
plasma. With the metabolome reflective
of the interaction between genotype and
environmental factors, confounding as-
sociations were expected. Without
exception, adjustments for one or more
maternal characteristics were required.
Among the metabolites, only bilirubin
levels were associated with gestational
age at sampling.

We confirmed that several metabolite
biomarkers and amino acid ratios were
associated with preterm PE risk. The
differences between the median metab-
olite levels for cases and controls were
typically modest, which are also reflected
in the corresponding ORs.

Supporting the hypothesis that
different biomarkers may have relevance
for different patient profiles, we showed
several biomarkers that had predictive
value in specific BMI classes. Strikingly,
pretermPE prediction in the groupwith a
BMI of <25 kg/m2 was largely centered
around decreased ornithine levels, either
on its own or as part of ratios. In contrast,
medium-chain carnitines and some
glutamine ratios exhibited specific pre-
term PE prediction in the group with a
BMI of �30 kg/m2.

We note that in the various prediction
analyses performed here, none of the
fatty acids assayed reached significance.
Results in the context of what is
known
The observed increases in early pregnancy
in the levels of 2-hydroxybutyric acid, 3-
hydroxy(iso)valeric acid, and medium-
chain carnitines corroborate earlier
metabolomics literature.26,36e40 Our re-
sults have added precision to previous
rican Journal of Obstetrics & Gynecology 55.e7
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FIGURE
Differential prediction of preterm preeclampsia according to BMI classes

A, Alanine-to-ornithine ratio. B, Arginine-to-glutamine ratio.
BMI, body mass index; OR, odds ratio.

Tuytten. Metabolite biomarkers in preeclampsia. Am J Obstet Gynecol 2023.
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carnitine findings by indicating that pre-
diction merits largely to the group with a
BMI of�30 kg/m2 only. PE prediction as
reported by Koster et al40 for the long-
chain carnitine stearoylcarnitine was not
confirmed. Similarly, we were not able to
confirm dilinoleoyl glycerol as a stand-
alone preterm PE predictor in this
cohort.26 Up-regulation of 2-hydroxy-3-
methylbutyric acid was reported previ-
ously in women with confirmed PE.41

Conflicting literature exist on whether
decreased or increased levels of 25(OH)
D3 are associated with PE risk early in
pregnancy.15 Within the context of this
study, 25(OH)D3 exhibited strong
negative correlations with the con-
founding factors BMI and Black race,
both well known to confer significant PE
risk. After adjusting, we found that
increased levels of 25(OH)D3 were
associated with preterm PE risk.

Recently, ergothioneine has generated
interest as a possible PE therapeutic
following its mitochondrial-targeted
antioxidant properties.42,43 Contrary to
expectations, we found that preterm PE
riskwas associatedwith increased levels of
ergothioneine. For 1-(1Z-octadecenyl)-2-
oleoyl-sn-glycero-3-phosphocholine (PC
[P-18:0/18:1n9]), we reported decreasing
MoM conferred preterm preeclampsia
risk; Sovio et al44 reported that the same
55.e8 American Journal of Obstetrics & Gynecolo
metabolite that increases in MoMs are
associated with FGR throughout
pregnancy.
Although bilirubin is well established

as a marker for liver compromise in the
diagnosis of PE, we demonstrated again
that lower levels of bilirubin are associ-
ated with PE risk in early pregnancy.45

Hypobilirubinemia has been associated
with increased risk of several cardiovas-
cular diseases,46 which may put it on PE
pathophysiological pathways.47

The key finding of this study concerns
the use of amino acids to predict preterm
PE. First, it is clear from our large-scale
investigation that normalized levels of
single amino acids only yield limited fold
changes between case and control pop-
ulations, which may explain the many
conflicting results recently summarized
by Yao et al48 and earlier for arginine and
ADMA.21 Second, we found that
combining amino acids into ratios resul-
ted in significant prediction. Surprisingly,
the differential ratios foundwere typically
not made up of 2 amino acids directly
involved in nitric oxide formation by ni-
tric oxide synthetase. The ratios involve
ornithine or glutamine. Ornithine is the
product of arginase activity, which also
uses arginine as substrate; thus, ornithine
reflects arginine usage in a competing
pathway.23 For the numerators, the
gy JULY 2023
ornithine ratios involve amino acids
indirectly affecting arginine bioavail-
ability (alanine, glutamine, SDMA) or
direct actors in the nitric oxide synthetase
pathway (arginine, homo-arginine, L-
NMMA, ADMA). Based on our data, the
existence of a specific groupwith a BMIof
<25 kg/m2 risk profile can be speculated.
In the same way, we found glutamine-
based ratios to be most predictive for
preterm PE in the group with a BMI of
�30 kg/m2, with glutamine upstream in
the arginine biosynthesis pathway.49

Interestingly, the inhibition of arginine
synthesis by glutamine has been reported
for nitric oxideeproducing endothelial
cells.50 The glutamine ratios found are
reflecting the relation among 3 main
metabolic pathways. Incidentally, Youssef
et al51 highlighted such interplay when
comparing the metabolome profiles of
women with early-onset severe PE
(n¼14) with that of control pregnancies
(n¼6).

Clinical implications
Our findings provided support to the
contemporary concept that different
maternal risk profiles exist, considering
that PE may develop via different path-
ophysiological pathways.5,6 Accounting
for different maternal risk profiles may
allow for the formulation of improved,

http://www.AJOG.org


ajog.org OBSTETRICS Original Research
yet more complex, risk prediction
models. The prospect that different
pathophysiological pathways for PE can
be delineated through metabolomics
opens the alluring possibility for more
targeted pharmaceutical interventions,
such as the stratification to aspirin or
metformin prophylaxis.12,52

Research implications
First, this study highlighted that large-
scale evaluations are a prerequisite to
properly verify the prediction potential
of candidate biomarkers to avoid the
selection for confounding associations
rather than disease. In this context, we
caution about our results for 25(OH)D3,
as no adjustment was attempted for the
observed association with conception by
in vitro fertilization or seasonal effects.53

Evidently, our findings on differential
prediction according to maternal
phenotypic traits have significant impli-
cations for both biomarker discovery
and their translation into clinically
meaningful solutions. Here, we used a
pragmatic approach rooted in epidemi-
ologic observations to create patient
strata and elicit differential prediction.
More sophisticated stratifications (eg,
the use of metabolic syndrome instead of
BMI-based grouping) may prove even
more informative. In future research we
will investigate whether metabolite bio-
markers can complement PlGF and/or
PAPP-A to improve preterm PE predic-
tion in a phenotypic way. Given the
absence of clear associations with gesta-
tional age at sampling for themetabolites
evaluated, their levels in early pregnancy
may reflect prepregnancy maternal risks
rather than pregnancy-induced risks.6

Longitudinal studies are required to
gauge whether the predictive merits of
these metabolites will change
throughout pregnancy.

Strengths and limitations
The strengths of this study included the
size of the study population, enabling
stratification of cases in phenotypic
groups and robust estimations of con-
founding associations, and the number
of biomarkers that were evaluated
simultaneously. An implicit limitation of
this study was the fact that themetabolite
biomarkers available for evaluation were
selected from biomarker studies for
which BMI distributions were centered
around population averages.

Conclusions
This study confirmed several metabolites
and metabolite ratios as predictors for
preterm PE early in pregnancy. In addi-
tion, we found clear indications of dif-
ferential prediction according to
maternal BMI. Lastly, our study high-
lighted that the existence of different
maternal risk profiles should be consid-
ered when investigating PE risk. n
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